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Abstract

This paper presents a method for automatically assess-
ing the quality of retinal images. It is based on the idea
that images of good quality possess some common fea-
tures that should help define a “quality” model. The pro-
posed features are computed from the histogram of the
edge magnitude distribution in the image as well as the
local histograms of pizel gray-scale values. Histogram
matching functions are proposed and experiments tend
to show that these featur
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3.2 Intensity distribution
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